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Abstract: Empirical literature explaining stock markets behaviour develops in a sev-
eral directions. One strand of literature supports efficient market hypothesis while oth-
er strand of literature suggests fractal market hypothesis. Existing literature presents 
mixed findings on long memory property and hypothesis of stock market fractality. This 
paper aims to contribute to the debate and examine multifractality and long memory 
property of returns in Croatian and Serbian capital markets while considering the 
role of trading columns. Using multifractal Detrended Fluctuation Analysis and daily 
returns from the beginning of 2010 up to the end of 2021 for CROBEX and BEL-
EX15 empirical finding suggested multifractality and long memory or persistence in 
CROBEX and BELEX15 returns. Dynamics in trading volumes exhibited multifractal-
ity but no long memory property in case of CROBEX as well as in case of BELEX15. 
Price-volume cross-correlation in case of CROBEX as well as in case of BELEX15 can 
be described as mean reverting process with no long memory property.
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INTRODUCTION
Returns on capital markets is an ever-green topic in empirical finance literature. 

One strand of literature considers efficient or adaptive market hypothesis and brings em-
pirical results regarding validity of the hypothesis (Bosnjak, 2023) and literature herein. 
İcan & Çelik (2023) suggested that the markets in countries with well-functioning and 
more transparent public sector exhibits weak-form market efficiency. Other strands of 
literature put an effort to establish link from behavioural sciences to finance (Aslam et 
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al., 2021) suggesting an irrational behaviour of entities on the market. Liu et al. (2022) 
provided differences and similarities between fractal market hypothesis and efficient 
market hypothesis. Croatia is one of the post-transition economies that recently joined 
the European Union. In the last few decades Croatia has experienced transformation of 
the economy emphasizing promotion of the free market structures. This transformation 
was accompanied by privatization and development of the financial system. With rising 
efficiency of the financial intermediaries the stock market has experienced significant 
growth and relationship between the stock market and the fundamental economic vari-
ables has become an important issue for scholars and practitioners (Novak, 2021). 

This paper aims to consider persistence in returns and trading volumes on Croa-
tian and Serbian stock market using multifractal detrended fluctuation analysis.

Besides introductory part, the remainder of this paper is organized as follows: 
Section 2 briefly summarizes existing literature related to the topic under consider-
ation. Section 3 presents research methodology, while Section 4 empirical results and 
discussion. The final section provides an overview of the main findings of the research.

BRIEF LITERATURE OVERVIEW
The papers present mixed findings on the hypothesis of stock market fractality. 

Jiang and Zhou (2008) find that the so-called multifractality in intraday stock mar-
ket indexes is merely an illusion. However, Zhuang et al. (2004) find that the rate of 
returns of the Chinese stock market does not obey the normal distribution, and that 
the stock price indexes exhibit fractal time series.  Dar et al. (2017) finds that stock 
markets around the globe indicate the dominance of higher frequencies during crises 
periods, which validates the assertions of Fractal Market Hypothesis. Based on daily 
data between January 12, 2018 and January 12, Karaömer (2022) found long mem-
ory in returns supporting validity of fractal market hypothesis in Indonesia, Mexico, 
Turkey and Nigeria. Nargunam & Lahiri (2022) employed detrended fluctuation anal-
ysis the and provided empirical results against validity of market efficiency in Indian 
stock returns. Arashi & Rounaghi (2022) provided literature review for fractal market 
hypothesis and efficient market hypothesis along with analysis of NASDAQ stock 
exchange. The empirical finings suggested non-fractality but efficiency of NASDAQ 
stock exchange market. Lahmiri et al.  (2022)  pointed out fractal market hypothesis as 
the most appropriate approach to explain dynamics of returns on European equity mar-
kets. Novak (2019) based on quantile regression approach rejected weak form of the 
efficient market hypothesis for the Croatian capital market.  Bošnjak (2023) employed 
variance ratio test and fix-length rolling window on daily CROBEX returns between 
September 1997 and July 2021 to examine market efficiency of Croatian stock market. 
The empirical findings were in favour of adaptive market hypothesis for Croatian stock 
market. The periods lower prices and higher liquidity were found as more likely to be 
inefficient. Krsikapa-Rasajski & Rankov (2016) evaluated efficient market hypothesis 
for Belgrade Stock Exchange BELEX 15 and BELEX LINE on daily data up to 31 
December 2014. Empirical findings suggested that capital market in Serbia could not 
be considered sufficiently efficient. Schabek et al. (2019) based on data between Sep-
tember 2017 and March 2018 suggested semi-strong form of market efficiency. Over-
all, the papers suggest that the evidence for the hypothesis of stock market fractality is 
mixed and requires further investigation.
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METHODOLOGYMETHODOLOGY 

This paper used multifractal Detrended Fluctuation Analysis (DFA) as a suitable 
approach to capture the structure of a series and determine the properties that define 
change of the series structure over time.  

Method employed in this paper developed by Peng et al. (1995), Kantelhardt et al. 
(2002) and Jiang et al. (2019) involves detrended random walk like time series. 
Suppose random walk like time series  𝑋𝑋(𝑖𝑖) where 𝑖𝑖 = 1, ⋯ 𝑁𝑁.  Detrended residuals 
can be calculated following equation (1): 

∈ (𝑖𝑖) = 𝑋𝑋(𝑖𝑖) −  𝑋̂𝑋    
  (1)  

Where 𝑋̂𝑋 denotes local polynomial linear trend function. The residuals ∈ (𝑖𝑖)are 
devided into 𝑁𝑁𝑠𝑠 = 𝑖𝑖𝑖𝑖𝑖𝑖[𝑁𝑁/𝑠𝑠] segments of equal size such that segments do not 
overlap. So, 𝑣𝑣𝑡𝑡ℎ segment can be presented as 𝑆𝑆 =∈ ((𝑣𝑣 − 1)𝑠𝑠 + 𝑗𝑗) while 𝑗𝑗 =
1, ⋯ 𝑠𝑠.  and fluctuation function or root mean square of detrended residuals can be 
calculated as given in equation (2):  

[𝐹𝐹𝑣𝑣(𝑠𝑠)]2 = 1
𝑠𝑠 ∑ [∈ ((𝑣𝑣 − 1)𝑠𝑠 + 𝑗𝑗) ]2𝑠𝑠

𝑗𝑗=1   
 (2) 

And 𝑞𝑞𝑡𝑡ℎ order of the flucuation function for a given value of 𝑞𝑞 can be calculated 
following equation (3): 

[𝐹𝐹𝑣𝑣(𝑠𝑠)]𝑞𝑞 = 1
𝑠𝑠 ∑ [∈ ((𝑣𝑣 − 1)𝑠𝑠 + 𝑗𝑗) ]𝑞𝑞𝑠𝑠

𝑗𝑗=1    
 (3) 

Where 𝑞𝑞 can take any real value except 0. Relationship between fluctuation 
function and 𝑠𝑠 is governed by power law and can be described by equation (4): 

𝐹𝐹𝑞𝑞(𝑠𝑠)~𝑠𝑠ℎ(𝑞𝑞)      (4) 

These fractals are explained by singularity spectrum 𝑓𝑓(𝛼𝛼) given by equation (5): 

𝑓𝑓(𝛼𝛼) = 𝑞𝑞 ∙ 𝛼𝛼 − 𝜏𝜏(𝑞𝑞)     (5) 

Where 𝑓𝑓(𝛼𝛼)  explains the fractal dimension of the multifractals, 𝛼𝛼 represents 
singularity strength, 𝑞𝑞 represents the slope of the spectrum while 𝜏𝜏(𝑞𝑞)can be 
expressed by generalized Hurst exponent 𝐻𝐻(𝑞𝑞) in equation (6): 

𝐻𝐻(𝑞𝑞) = lim
𝑞𝑞,→𝑞𝑞

(𝜏𝜏(𝑞𝑞
,)+1
𝑞𝑞, )    

 (6) 

In a multivariate case of two series (Jiang et al., 2019; Podobnik & Stanley, 2008; 
Zhou, 2008) with equal number of observations {𝑋𝑋(𝑖𝑖)} and {𝑌𝑌(𝑖𝑖)} where 𝑖𝑖 =
1,⋯ ,𝑁𝑁. each time series is divided into segments of equal size 𝑠𝑠 such that they do 
not overlap, as it is a case when univatiate series is considered. The cross-
correlation in each segment is given in equation (7): 

𝐹𝐹𝑣𝑣2(𝑠𝑠) =
1
𝑠𝑠 ∑ [𝑋𝑋𝑣𝑣(𝑘𝑘) − 𝑋𝑋𝑣𝑣(𝑘𝑘)̂][𝑌𝑌𝑣𝑣(𝑘𝑘) − 𝑌𝑌𝑣𝑣(𝑘𝑘)̂]𝑠𝑠

𝑘𝑘=1   
   (7) 

Cross-correlation between two series or the 𝑞𝑞𝑡𝑡ℎ order is provided in equation (8): 

𝐹𝐹𝑥𝑥𝑥𝑥2 (𝑞𝑞, 𝑠𝑠) = [ 1𝑚𝑚∑ 𝐹𝐹𝑣𝑣(𝑠𝑠)𝑞𝑞𝑚𝑚
𝑣𝑣=1 ]

1
𝑞𝑞     (8) 

 

While scaling relation is given in equation (9): 

 

𝐹𝐹𝑥𝑥𝑥𝑥(𝑞𝑞, 𝑠𝑠)~𝑠𝑠𝐻𝐻𝑥𝑥𝑥𝑥(𝑞𝑞)     (9) 

 

RESEARCH RESULTS AND DISCUSSION 

Research data used in this paper were introduced and described in appendix of this 
paper. Figure A1 and A2 present development of the time series while Table 1 and 
2 provided descriptive statistics for the time series under consideration. Following 
methods described in section entitled methodology, Figure 1 presents fluctuation 
function, scaling exponent, multifractal exponent and singularity spectrum for 
CROBEX returns. 
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RESEARCH RESULTS AND DISCUSSION
Research data used in this paper were introduced and described in appendix 

of this paper. Figure A1 and A2 present development of the time series while Table 1 
and 2 provided descriptive statistics for the time series under consideration. Following 
methods described in section entitled methodology, Figure 1 presents fluctuation func-
tion, scaling exponent, multifractal exponent and singularity spectrum for CROBEX 
returns.

Figure 1. CROBEX returns

Figure 1 presents fluctuation function, scaling exponent, multifractal exponent and singularity spectrum 
for CROBEX returns. 

Figure 1 CROBEX returns. 

 

Source: Prepared by the authors 

As illustrated in Figure 1, fluctuation function  𝑙𝑙𝑙𝑙𝑙𝑙2(𝐹𝐹𝑞𝑞) increases for large values of 𝑠𝑠 (days) 
demostrating existence of long-range power law correlation in the series as given in equation (4). The 
plot of ℎ𝑞𝑞 versus 𝑞𝑞 illustrated decreasing trend and suggesting multifractality of the time seires. Since 
Hurst exponent takes values between 0.5 and 1 for positive and negative 𝑞𝑞 values (Kantelhardt et al., 
2002) the series exhibits presence of long memory for large fluctuations as well as for small fluctuations. 
Furthermore, the relationship between multifractal exponents 𝜏𝜏𝑞𝑞 and 𝑞𝑞 is nonlinear that suggests 
multifractality of the time seires as well. The spectrum of the series is right-shifted from 𝛼𝛼 = 0.5 
suggesting persistence of long memory in series. Figure 2 presents fluctuation function, scaling 
exponent, multifractal exponent and singularity spectrum for CROBEX trading volumes. 
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As illustrated in Figure 1, fluctuation function  increases for large values of  
(days) demostrating existence of long-range power law correlation in the series as 
given in equation (4). The plot of  versus  illustrated decreasing trend and suggesting 
multifractality of the time seires. Since Hurst exponent takes values between 0.5 and 1 
for positive and negative  values (Kantelhardt et al., 2002) the series exhibits presence 
of long memory for large fluctuations as well as for small fluctuations. Furthermore, 
the relationship between multifractal exponents  and  is nonlinear that suggests mul-
tifractality of the time seires as well. The spectrum of the series is right-shifted from  
suggesting persistence of long memory in series. Figure 2 presents fluctuation func-
tion, scaling exponent, multifractal exponent and singularity spectrum for CROBEX 
trading volumes.

Figure 2. CROBEX trading volumesFigure 2 CROBEX trading volumes.  

 

Source:Prepared by the authors 

Unlike dynamics in Figure 1, no persistence was found in dynamics of CROBEX trading volume. Mass 
exponent suggested multifractality of time series as well as in case of CROBEX returns. The spectrum 
of the series is left-shifted from 𝛼𝛼 = 0.5 suggesting no long memory or no persistence in series. Figure 
3 presents price-volume relationship in case of CROBEX. 

 

Figure 1 presents fluctuation function, scaling exponent, multifractal exponent and singularity spectrum 
for CROBEX returns. 

Figure 1 CROBEX returns. 

 

Source: Prepared by the authors 

As illustrated in Figure 1, fluctuation function  𝑙𝑙𝑙𝑙𝑙𝑙2(𝐹𝐹𝑞𝑞) increases for large values of 𝑠𝑠 (days) 
demostrating existence of long-range power law correlation in the series as given in equation (4). The 
plot of ℎ𝑞𝑞 versus 𝑞𝑞 illustrated decreasing trend and suggesting multifractality of the time seires. Since 
Hurst exponent takes values between 0.5 and 1 for positive and negative 𝑞𝑞 values (Kantelhardt et al., 
2002) the series exhibits presence of long memory for large fluctuations as well as for small fluctuations. 
Furthermore, the relationship between multifractal exponents 𝜏𝜏𝑞𝑞 and 𝑞𝑞 is nonlinear that suggests 
multifractality of the time seires as well. The spectrum of the series is right-shifted from 𝛼𝛼 = 0.5 
suggesting persistence of long memory in series. Figure 2 presents fluctuation function, scaling 
exponent, multifractal exponent and singularity spectrum for CROBEX trading volumes. 
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Source: Prepared by the authors

Unlike dynamics in Figure 1, no persistence was found in dynamics of CROBEX 
trading volume. Mass exponent suggested multifractality of time series as well as in 
case of CROBEX returns. The spectrum of the series is left-shifted from  suggesting no 
long memory or no persistence in series. Figure 3 presents price-volume relationship 
in case of CROBEX.

Figure 3. price-volume relationship in case of CROBEX

Figure 3 price-volume relationship in case of CROBEX 

 

Source: Prepared by the authors 

Results in Figure3 suggested that price-volume cross-correlation had no long memory. Consequently, 
volume and price-volume were found as mean-reverting series while price series exhibited long memory 
property in case of CROBEX. Bošnjak (2023) found higher liquidity linked to market inefficiency in 
CROBEX returns. Figure 4 presents properties of BELEX returns dynamics. 
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Source:Prepared by the authors 

Unlike dynamics in Figure 1, no persistence was found in dynamics of CROBEX trading volume. Mass 
exponent suggested multifractality of time series as well as in case of CROBEX returns. The spectrum 
of the series is left-shifted from 𝛼𝛼 = 0.5 suggesting no long memory or no persistence in series. Figure 
3 presents price-volume relationship in case of CROBEX. 
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Source: Prepared by the authors

Results in Figure3 suggested that price-volume cross-correlation had no long 
memory. Consequently, volume and price-volume were found as mean-reverting se-
ries while price series exhibited long memory property in case of CROBEX. Bošnjak 
(2023) found higher liquidity linked to market inefficiency in CROBEX returns. Fig-
ure 4 presents properties of BELEX returns dynamics.

Figure 4. BELEX returns

Figure 3 price-volume relationship in case of CROBEX 

 

Source: Prepared by the authors 

Results in Figure3 suggested that price-volume cross-correlation had no long memory. Consequently, 
volume and price-volume were found as mean-reverting series while price series exhibited long memory 
property in case of CROBEX. Bošnjak (2023) found higher liquidity linked to market inefficiency in 
CROBEX returns. Figure 4 presents properties of BELEX returns dynamics. 
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Fluctuation function  𝑙𝑙𝑙𝑙𝑙𝑙2(𝐹𝐹𝑞𝑞) increases for large values of 𝑠𝑠 (days) demostrating existence of long-
range power law correlation in the series as given in equation (4). The plot of ℎ𝑞𝑞 versus 𝑞𝑞 illustrated 
decreasing trend and suggesting multifractality of the time series. Since Hurst exponent takes values 
higher than 0.5 for negative 𝑞𝑞 values small fluctuations seem to be persistent while large fluctuations 
appeared as with no long memory mostly. The series was further characterized by multifractality and 
the spectrum of the series is slightly right-shifted from 𝛼𝛼 = 0.5 suggesting long memory or persistence 
in series. Figure 5 illustrates dynamics of BELEX trading volume. 
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Fluctuation function  increases for large values of  (days) demostrating exis-
tence of long-range power law correlation in the series as given in equation (4). The 
plot of  versus  illustrated decreasing trend and suggesting multifractality of the time 
series. Since Hurst exponent takes values higher than 0.5 for negative  values small 
fluctuations seem to be persistent while large fluctuations appeared as with no long 
memory mostly. The series was further characterized by multifractality and the spec-
trum of the series is slightly right-shifted from  suggesting long memory or persistence 
in series. Figure 5 illustrates dynamics of BELEX trading volume.

Figure 5. BELEX trading volumesFigure 5 BELEX trading volumes 

 

Source:Prepared by the authors 

 

As well as in case of CROBEX trading volumes, BELEX trading volumes appeared left-shifted from 
𝛼𝛼 = 0.5 suggesting no long memory or no persistence in series. Mass exponent suggested multifractality 
of time series as well as. Figure 6 price-volume relationship in case of BELEX. 

Source: Prepared by the authors

As well as in case of CROBEX trading volumes, BELEX trading volumes ap-
peared left-shifted from  suggesting no long memory or no persistence in series. Mass 
exponent suggested multifractality of time series as well as. Figure 6 price-volume 
relationship in case of BELEX.
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Figure 6. price-volume relationship in case of BELEX

Figure 6 price-volume relationship in case of BELEX 

 

Source: Prepared by the authors 

Results in Figure 6 suggested that price-volume cross-correlation had no long memory. Hence, there 
was multifractality and long memory properties of returns on both markets considered in this paper. No 
long memory was found in trading volumes neither in price-volume cross correlation. 
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Results in Figure 6 suggested that price-volume cross-correlation had no long 
memory. Hence, there was multifractality and long memory properties of returns on 
both markets considered in this paper. No long memory was found in trading volumes 
neither in price-volume cross correlation.

CONCLUDING REMARKS
There are several conclusions that can be derived out of the research presented 

in this paper. Firstly, existing empirical literature suggest ambiguous findings regarding 
long memory property of stock markets.  Empirical finings suggested multifractality of 
CROBEX returns and trading volumes and presence of long memory for large fluctu-
ations in CROBEX returns as well as for small fluctuations in CROBEX returns. No 
long memory or no persistence was found in trading volumes on Croatian stock mar-
ket. Price-volume cross-correlation on Croatian stock market was not characterized by 
long memory. Consequently, volume and price-volume were found as mean-reverting 
series while price series exhibited long memory property in case of CROBEX. Em-
pirical finings for BELEX15 returns suggested multifractality of the time series. Small 
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fluctuations seem to be persistent while large fluctuations appeared mostly with no 
long memory. Trading volumes on Serbian stock market exhibited no long memory or 
no persistence and multifractality of trading volumes. Price-volume cross-correlation 
exhibited no long memory property.

APPENDIX
Figure A1. Considered series in Croatian Case

series exhibited long memory property in case of CROBEX. Empirical finings for BELEX15 returns 
suggested multifractality of the time series. Small fluctuations seem to be persistent while large 
fluctuations appeared mostly with no long memory. Trading volumes on Serbian stock market exhibited 
no long memory or no persistence and multifractality of trading volumes. Price-volume cross-correlation 
exhibited no long memory property. 

APPENDIX 

Figure A1 Considered series in Croatian Case 

 

Source: Prepared by the authors 
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Table 1. Descriptive statistics for CROBEX time series

  Index
Index

change
Volume Volume change

Min.   1365 -0.1073230 757625 -2,6140175

1st Qu. 1752 -0.0031919 4042911 -0.3736423

Median 1837 0.0001860 6192440 -0.0157923

Mean 1862 -0.0000062 8576433 -0.0005984

3rd Qu. 1962 0.0035157 9614106 0.3689675

Max. 2334 0.0856288 230466363 3,1403988

Source: Author’s calculations

Figure A2. Considered series in Serbian Case

1st Qu. 1752 -0.0031919 4042911 -0.3736423 

Median 1837 0.0001860 6192440 -0.0157923 

Mean 1862 -0.0000062 8576433 -0.0005984 

3rd Qu. 1962 0.0035157 9614106 0.3689675 

Max. 2334 0.0856288 230466363 3,1403988 
Source: Author’s calculations 

 

Figure A2 Considered series in Serbian Case 
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Table 2 Descriptive statistics for BELEX15 time series 
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Max. 3304.6 0.1215756 6987000000 6,490316 

Source:Author’s calculations 

 

  

50
0

25
00

In
de

x_
le

ve
l

-0
.1

0
0.

05

R
et

ur
n

0e
+0

0
6e

+0
9

V
ol

um
e

-6
0

4

2010 2015 2020V
ol

um
e_

ch
an

ge

Time

Data_visualisation

Source: Prepared by the authors

Table 2. Descriptive statistics for BELEX15 time series

 
 

Index
Index

change
Volume

Volume 
change

Min. 354.4 -0.1086135 26130 -5,579589

1st Qu. 608.4 -0.0041540 8032000 -0.678174

Median 706.6 -0.0000216 19760000 0.014850

Mean 863.5 -0.0000616 58770000 -0.000649

3rd Qu. 770.8 0.0042101 49010000 0.662204

Max. 3304.6 0.1215756 6987000000 6,490316

Source: Author’s calculations



19
Časopis za ekonomiju i tržišne komunikacije/ Economy and Market Communication Review
God./Vol. 14  •  Br./No. 1  •  Banja Luka, Jun/June 2024  •  pp. 8-20

REFERENCES
Arashi, M., & Rounaghi, M. M. (2022). Analysis of market efficiency and fractal feature of 

NASDAQ stock exchange: Time series modeling and forecasting of stock index using 
ARMA-GARCH model. Future Business Journal, 8(1). https://doi.org/10.1186/S43093-
022-00125-9

Aslam, F., Ferreira, P., & Mohti, W. (2021). Investigating efficiency of frontier stock markets 
using multifractal detrended fluctuation analysis. International Journal of Emerging 
Markets, ahead-of-print(ahead-of-print). https://doi.org/10.1108/IJOEM-11-2020-1348/
FULL/PDF

Bosnjak, M. (2023). Evolving Efficiency of Stock Returns and Market Conditions: The Case 
from Croatia. Montenegrin Journal of Economics, 19(1). https://doi.org/10.14254/1800-
5845/2023.19-1.9

Dar, A. B., Bhanja, N., & Tiwari, A. K. (2017). Do global financial crises validate assertions of 
fractal market hypothesis? International Economics and Economic Policy, 14(1). https://
doi.org/10.1007/s10368-015-0332-0

İcan, Ö., & Çelik, T. B. (2023). Weak-form market efficiency and corruption: a cross-country 
comparative analysis. Journal of Capital Markets Studies, ahead-of-print(ahead-of-
print). https://doi.org/10.1108/JCMS-12-2022-0046

Jiang, Z. Q., Xie, W. J., Zhou, W. X., & Sornette, D. (2019). Multifractal analysis of financial 
markets: A review. In Reports on Progress in Physics (Vol. 82, Issue 12). https://doi.
org/10.1088/1361-6633/ab42fb

Jiang, Z. Q., & Zhou, W. X. (2008). Multifractality in stock indexes: Fact or Fiction? Physica 
A: Statistical Mechanics and Its Applications, 387(14). https://doi.org/10.1016/j.phy-
sa.2008.02.015

Kantelhardt, J. W., Zschiegner, S. A., Koscielny-Bunde, E., Havlin, S., Bunde, A., & Stanley, 
H. E. (2002). Multifractal detrended fluctuation analysis of nonstationary time series. 
Physica A: Statistical Mechanics and Its Applications, 316(1–4). https://doi.org/10.1016/
S0378-4371(02)01383-3

Karaömer, Y. (2022). Investigation of Fractal Market Hypothesis in Emerging Markets: Evi-
dence from the MINT Stock Markets. Organizations and Markets in Emerging Econo-
mies, 13(2). https://doi.org/10.15388/omee.2022.13.89

Krsikapa-Rasajski, J., & Rankov, S. (2016). Testing weak form efficiency on the capital markets 
in Serbia. Megatrend Revija, 13(1). https://doi.org/10.5937/megrev1601265k

Lahmiri, S., Bekiros, S., & Bezzina, F. (2022). Evidence of the fractal market hypothesis in Eu-
ropean industry sectors with the use of bootstrapped wavelet leaders singularity spectrum 
analysis. Chaos, Solitons and Fractals, 165. https://doi.org/10.1016/j.chaos.2022.112813

Liu, G., Yu, C. P., Shiu, S. N., & Shih, I. T. (2022). The Efficient Market Hypothesis and the 
Fractal Market Hypothesis: Interfluves, Fusions, and Evolutions. SAGE Open, 12(1). 
https://doi.org/10.1177/21582440221082137

Nargunam, R., & Lahiri, A. (2022). Persistence in daily returns of stocks with highest mar-
ket capitalization in the Indian market. Digital Finance, 4(4). https://doi.org/10.1007/
s42521-022-00066-6

Novak, I. (2019). Efficient market hypothesis: Case of the croatian capital market. In InterEU-
LawEast (Vol. 6, Issue 1). https://doi.org/10.22598/iele.2019.6.1.2

Novak, I. (2021). Crobex and Industry Performance in the Case of Croatia: Evidence From 
Wavelet Coherence. (S. Jakupović, Ed.) Economy and Market Communication Review 
– Časopis za ekonomiju i tržišne komunikacije, XI(1), 176. doi:https://doi.org/ 10.7251/
EMC2101176N

Novak, I. (2021). Crobex and Industry Performance in the Case of Croatia: Evidence From 



20

 
Mile Bošnjak, et al. 

FRACTALITY OF CROATIAN AND SERBIAN STOCK MARKETS 

Wavelet Coherence. (S. Jakupović, Ed.) Economy and Market Communication Review 
– Časopis za ekonomiju i tržišne komunikacije, XI(1), 176. doi:https://doi.org/ 10.7251/
EMC2101176N

Peng, C. K., Mietus, J., Hausdorff, J. M., Havlin, S., Stanley, H. E., & Goldberger, A. L. (1995). 
Quantification of Scaling Exponents and Crossover Phenomena in Nonstationary 
Heartbeat Time Series, Proc. NATO Dynamical Disease Conference, edited by L. Glass. 
Chaos: An Interdisciplinary Journal of Nonlinear Science, 5(1).

Podobnik, B., & Stanley, H. E. (2008). Detrended cross-correlation analysis: A new method for 
analyzing two nonstationary time series. Physical Review Letters, 100(8). https://doi.
org/10.1103/PhysRevLett.100.084102

Schabek, T., Draženović, B. O., & Mance, D. (2019). Reaction of zagreb stock exchange 
CROBEX index to macroeconomic announcements within a high frequency time inter-
val. Zbornik Radova Ekonomskog Fakultet Au Rijeci, 37(2). https://doi.org/10.18045/
zbefri.2019.2.741

Zhou, W.-X. (2008). Multifractal detrended cross-correlation analysis for two nonstationary 
signals. Physical Review E, 77(6), 66211. https://doi.org/10.1103/PhysRevE.77.066211

Zhuang, X. T., Huang, X. Y., & Sha, Y. L. (2004). Research on the fractal structure in the 
Chinese stock market. Physica A: Statistical Mechanics and Its Applications, 333(1–4). 
https://doi.org/10.1016/j.physa.2003.10.061

This work is licensed under a Creative Commons Attribution-NonCommercial 4.0 International License.


